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extracts actionable intelligence from very large text streams
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we like the idea of huge human-generated data streams
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market watch: what is going on?

My Premium Brand

My Other Brand

Another Brand

) 4

Customer satisfaction +32%

Quality perception -72%

Irritation +7%
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market watch: what are we associated with?

Sexy Limousine Celebrity

That Other Brand .
Stylish

Premiére Glamour

My Consumer Brand
That Snobbish Brand

That Low-market Brand

Bhng Red carpet

Gala

Expensive
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evaluating marketing
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evaluating marketing
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tracking violence in the world

b

BANG+ (en, davqg)

1.36363637447357 [ I I 2 40000009536743
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tracking violence in the world

Q Zoom Out

"'S;" \ ' %
b

. kazakhstan stands out - ,
 unreported in western media, a
. violent altercation between
police and protestors took
place this week in 2012

BANG+ (en, davg)
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forecasting is not only counting mentions!
the day before the Greek election in June 2012
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forecasting is not only counting mentions!
the day before the Greek election in June 2012
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Syriza gets the most attention
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forecasting is not only counting mentions!
the day before the Greek election in June 2012
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... but Syriza also gets the
most skepticism!

Syriza gets the most attention

Results

ND: 30%
Syriza: 27%
Pasok: 12%
XA: 6.9%
KKE: 4.9%
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authorship profiling

Address
Topical variation Anchoring

Thoughtfulness \\
\ ‘
.:---/;-. \\\
Digits and formulae 4

Argumentativeness
Self 1 Abstract vocabulary
Others

_ Complex syntax
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:I‘. press @ blog © wiki p

how does the writing of some individual
differ from standard text?@
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what's the mood out there?

e POS+ (sv, sum) 791 ¢ HALSONT (avg) 0.00 | 2012-04-04 00:00
80 k
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trading on information

20

07/23/2010 22:59:01 @)

+ 0.0020 (0.15%)

1.2850

UR/USD (Hourly)
B EUR/ USD (Hourly)

1.291Z
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financial analysis: buy or sell?

o 3

BUYSELL ‘

0.708685532279799 I 1.05109394062627

Gavagai ‘l




early warning in social media

Gavagai ‘l




early warning in social media

negative mentions on agency X in social media (green)
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early warning in social media

negative mentions on agency X in social media (green)
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early warning in social media

negative mentions on agency X in social media (green)
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early warning in social media

negative mentions on agency X in social media (green)
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early warning in social media

negative mentions on agency X in social media (green)

300
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blog post:
"... agency X has ruined my life [long shares in social media
story on personal tragedy and insensitive
295 rulings from agency bureaucrats ] ..."

ox newsblitz!

outrage in print media
(this is where agency initiates damage control)
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political analysis: unrest or distrust?
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so what are some of the challenges?



big data
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scale and crowd is essential to meaning




noise is not something you wash off
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change is normal




learning, not training
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humans excel at this sort of task
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human information processing handles near misses and variation
humans not work by definitions but by analogy to the typical
humans classify previously unseen items after few observations

human information processing does not rely on explicitly stored

and recallable experience
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how often have you learnt a term by its definition?

how often do you need to ask what someone means?

can you tell us about all the times you have encountered some
certain term in use?



emotion is a complex notion



models of emotion and affect
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models of emotion and affect

{POS,NEG,NEU]
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{anger, fear, sadness, enjoyment, disgust,
surprise, contempt}
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models of emotion and affect

{POS,NEG,NEU]

{anger, fear, sadness, enjoyment, disgust,
surprise, contempt}

[arousal x valence x strength]
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we believe in building a base technology



technology enabler: big data stack

")oep packet!

Speech and audio

§ Customer | pooutation mining inspection ; analysis ¢ Translation 3
: relationship : : ' technolo ‘
marketing -, - o J .......
R — ' LA Personal |
Monitoring and ’ " information

filtering vanagement

Avuthoring tools

Communication ‘
management 14

.............

Business intelligence ! y
1 Market and : technology . Forensic analysis

: financial analysis j

Semantic Base Representation

System base

Data stream G ava g ai




a semantic base technology?

is this an example of that?

are these two the same?

has this changed? how?

what is the relation of this and thate
is this a new way of saying that?
are these or those more like this?

is this typical or strange?

can we frust this?

does the author believe this to be true?
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so what do we have to do to meet the
challenges?

 challenge: robustness

* challenge: scale



distributional semantics
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distributional semantics

observations with similar distributions have similar meanings
or
observations that occur in the same contexts have similar meaning
and
observations that co-occur near each other build meaning together
and

observations that co-occur over some distance have topical relations
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the

the

the

the

the

the

the

the

distributional models as vector spaces

weather

weather

weather

weather

weather

climate

weather

climate

is

is

is

is

is

is

in

is

great in barcelona
chilly 1n bergen
gray 1n stockholm
nippy 1n mosSCow
nice 1in hong kong
passable 1n nice

barcelona i1s balmy

chilly at the office

winter water nliigfhet
texts texts toxts
STHLM + + -
BCN - + +
MOS + - -
HKK - + -
STHLM BCN MOS HKK cold warm hot harbour
STHLM 0 + + + ++ + - +
BCN + 0 + + - +4 + ++
MOS + + 0 + +++ - + -
HKK + + + 0 - ++ ++ +++
weather + + + + +++ + +4+4 +
climate + + + + +++ + +++ -
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parameters of variation

observations: words? multi-word-terms? constructions?

contexts: clauses, paragraphs, N neighbouring words, documents?
frequency weighting: idf2 entropy? information measures? odds?
dimension reduction: random projections? principal components?

similarity measure?
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random indexing

': rain ‘:
weather . e
temperature ' 1 gale
climate’ R . '. weather :
rain '~._.\ \-/\ \

.
! forecast

forecast el
. p )
I — +  Fahrenheit .
’ 4 - * N / X a'
. Celsius \/

randomness is the path of least assumption
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online learning of term relations
from distributional data

complete - not based on sampling
robust by virtue of processing model
language-indepedent
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freezing

A
, <ol hunk
. A ,
see idea babe
scope Vo
water
> coffee meal
enjoy  prepare —> hot
boil — fea
our V’ food
P drink N
warm:
v boiling
tepid

* online learning of term relations

« from distributional data

 complete - not based on sampling

* robust by virtue of processing model
* language-indepedent
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online learning of term relations
from distributional data

complete - not based on sampling
robust by virtue of processing model
language-indepedent
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remaining challenges



rapidly evolving business ecosystem



"o AN
‘-. : ‘s
. .
.. : action ‘
.................. .

in-house or other
structured data

;  enterprise
| search

/ business
intelligence
&
insights

/" data mining
: sense
: making
visualization

data

. . .
. . .
!

[ o s ' " . .

. provision & ) . Y \

. . . N .

.

aggregation .. Y |

e .- ‘\ N N

. .~ . . N

.. - . . st e el
.. . L o S.
.. .. ": ..
-~ Y N
~-~ . .~
S . b
------ .u.,' .
i '~~‘ » .
F7T TN feareerena \
gy . % oy ',
e ™ ’
' . »
)
.

.

text analytics !
\ news and social media and -/

other unstructured data )

Gavagai




new task space



beyond search
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business processes not mature yet



domain issues



application: finance
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application: finance

predict price movements from social media
- do traders tweet?

- do people tweet about assets?

- does public mood predict trading price?

mood? opinion? purchase propensity?
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attitude and opinion!

coverage, relevant target, diversity, source quality
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application: customer sentiment

consumers comments wrt a product or service
attitude and opinion - beyond POS-NEG-NEU!

target relevance; source clout; weak signal coverage;

actionability
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